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1 2003 - 2004
Table 1l Water quality of Liu Hai lake in 2003 - 2004
T H DO Q0D NHsN TP ™ Ch-a D
/ P [l (gl J(mgl”h (gl (mo-L "1 (! /m
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Table 2 Classify results o indexes
T ™ NH+N TP Irflow Chl-a
/ [ (mgL Y [(mol =Y [ (gL Y 1 (10*m?) /(gL Y
13.4 0.68 1.30 0.09 39.50 30
0.315 0.201 0.123 0.315 0.343
23.25 1.01 1.56 0.13 19.33 60
0.330 0.134 0.122 0.198 0.416
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Table 3 Rulesin the different dassfy criterion of Chl-a
Ch-a/ (ug-L ~ 1
1 Q>39.5%x10"m® <30
2 Q<39.5x10*m*; T>13.4 >30
3 Q<39.5x10*n?; T<13.4 <30
4 Q<19.33x10* m®; T>23.25 ; TP>0.13my/L >60
5 Q<19.33x10*m’; T<23.25 <60
6 Q>19.33x10°m? <60

Q>39.5
0<39.5

n,

m,

Chl-a =

T<13.4 =

12.865 + 0.626 T - 0.225Q
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R 0.768;
3 Q<39.5 n?, T>13.4 = ;
Chl-a = 18.708 + 4.549T - 2.75Q
R 0.409;
4 Q<19.33 n?, T>23.25 , Tp>0.13ug/L, = :
Chl-a = - 337.7 + 12.839T - 2.93Q + 506. 1 TP
R 0.749

4 2005
Table 4 Training and teg o the modd

/ (mg-L~ Y / | % ! %
<30 18 92 7.30 (9)
>30 21 77 13.6 s
> 60 12 83 6.50 4
<30 10 0 15.6
>30 10 88 6.15
>60 3 100 12.2
, Q>38.66 N/
23.25 , , ,
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(1) ,
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[15 17] ’
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Algalbloom prediction moddsfor Liuhai-lake in Beijing city*
ZENG Yong, YANG zhi-feng, L IU Jing-ling

(State Key Laboratory d Water Emvironment Simulation, Schod o Environmental , Beijing Normal University, Bejing 100875, China)

Abstract : The agabloom prediction nodels are congructed by usng the decidon trees to qualitatively predict bloom timing
and use the ronlinear piecem s regresson to quartitatively predict bloomintengty. The trefic light sysems are used asthe in-
dicator for degree of adga bloom. Liuhai-lake in Beijing city is used an exarple. The congructed modd indicates that the war
ter irflow , the tenperature and tota phogphorus are the nog inpact factors on the agabloom in Liuhai-lake. The concentrar
tion of Chl-a<30 ug/L islabeled asgreen ,30 ug/L < Chl-a<60 ug/L asydlow and Chl-a>60 ug/L asred. When water in-
flow Q > 79. 0 x 10'm® or Q < 79. 0 x 10°m® and water temperature <13.4 the indicator is green;when Q < 79.0 x 10'm®
water tenperature T>13.4  the indicator is yellow ;and when Q < 38.7 x 10'm® water tenperature >23.25 ,TP>0.13
ug/ L ,the indicator is red. The nodd isted by an independent dataset from the same area , the predicted blooming time error
rate and the error of predicted bloom intendty are presented in the paper. The npdd has great advantages to dead with the
comnon problem in aga-blooms . It' s more accurate when the limiting factor is changing. And the gructure is underdandable
and easy to interpret.
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