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Table 1 Comparison of several methods for examples 1 and 2
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Fig. 1 Digribution of the initial population Fig. 2 Distribution of the fourth offspring
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Table 2 Value of parameters
WM X Y KE B SM EX Cl G IMP C K1 KG N NK
30.0 0.05 0.1 0.5 0.1 00 0.05 005 00 00 0.05 a5 0.95 1.0 1.0
220.0 0.5 0.9 2.0 20 500 2.0 1.0 1.0 05 0.3 09 1.0 10.0  20.0
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Table 3 Comparison of several methods for Daao basin Xinanjiang mode

Qv Q. Qo/ Q.
HAGA 1. 000 91. 156 1. 044 92. 346
R (1) 0 95 8. 267 1.017 9L 172
R (2 0 99 90. 543 1.030 90. 953
S () 1. 000 85.702 1.030 92.715
S (2 1 004 80.617 1. 050 88. 028
Chaos 1 139 87.087 1. 146 91.671
3 1998 6 1~ 30 HAGA ,
800

= 600f
& 400}
T,
-
£ 200F A

Q

Q 50 100 150 200 250

M MIE/AL=3h
3 1998 6 HAGA

Fig. 3 Comparison of predicted by using of HAGA and measured of mnoff in Daao basin
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Applications of the hybrid accelerating generic algorithm
to parameter optimization of basin model
YANG Xiao-hua', IU Gurhua’, LI Jiar giang’
(1. Dept. of Mathematics and Physics, Hohai Univ. , Nanjing 210098, China;
2 College  Water Resources and Emironment, Hohai Univ. , Narjing 210098, China:

3. Water Resources and Hydrop ower planning and Design General Insitute , MWR, Bejing 100011, China)

Abstract: A hybrid accelerating genetic algorithm (HAGA) is presented by adding simplex searching oper
ator and accelerate searching operator in real coding genetic algorithm. The HAGA is compared with some
other genetic algorithms through some examples, and applied to the parameter optimization of the Daao basin
model. The results show that this method has the features of direct, convenient, fast and good application. Tt
is a superior norr linear optimal method which could locally search the global solution for greater probability
Key words: real coding gene ic algorithm; simplex algorithm; superior individual; basin model



